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ABSTRACT 
The unprecedented pandemic of the infectious coronavirus dis-
ease (COVID-19) is still ongoing. Considering the limitations and 
restrictions imposed by COVID-19, we explored the role of tech-
nology and the extent of usage by end-users. In our online survey, 
we investigated users’ perspectives on their use of technologies in 
diferent contexts (e.g., work, entertainment), taking into consid-
eration intrinsic factors such as health consciousness, perceived 
social isolation, and pandemic-related concerns. Results from 218 
respondents show a signifcant increase in technology use in all 
investigated contexts after the pandemic occurred. Moreover, the 
results suggest that diferent factors may contribute to such in-
creases, depending on the context. It appears that perceived social 
isolation, concerns about the pandemic, and tracking have the most 
prominent infuence on diferent use of technology. Furthermore, 
open-ended responses include benefcial opportunities, concerns 
& consequences, and behavioral transformations & adaptations 
due to COVID-19. Our fndings provide insights for designing and 
developing new technologies, especially for communication and 
entertainment, to support users’ needs during a pandemic. 
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1 INTRODUCTION 
The current pandemic of the coronavirus, or COVID-19 [45], has 
taken the world by surprise. The disease has already exceeded the 
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83 million reported infections and over 1.8 million deaths globally 
as of the 3rd of January, 2021 [43, 46, 47]. Diferent regulations and 
guidelines have been implemented early on to limit the infection 
and spread in many countries. Tighter restrictions include army 
and police interference, such as the case in Romania, Armenia, and 
Moldova [33], whereas mere social distancing has been advised in 
Sweden [32]. The impact of such a pandemic is afecting not only 
healthcare and economies, but also people’s lifestyles. Technology, 
Information and Communications Technology (ICT) specifcally, 
plays a signifcant role in facilitating services and mitigating hin-
drances imposed by restrictions. Our study aims to investigate peo-
ple’s perspectives on the role of technology during the coronavirus 
pandemic. We empirically investigate whether the restrictions afect 
the technology use—increase or decrease in the diferent contexts 
(e.g., work, communication). We also examine select individual 
factors that infuence technology use changes to understand how 
technology might help people maintain their well-being through-
out similar crises. Human-Computer Interaction (HCI) researchers 
and designers could use such knowledge to customize and improve 
the current technological solutions, fulflling people’s needs related 
to the pandemic. 

Considering the limited knowledge about people’s perception of 
technology in the time of the global pandemic, in our research, we 
aim to answer the following questions: 

• What are the efects of COVID-19 on technology usage by 
participants? 

• What intrinsic factors (health consciousness, perceived iso-
lation, concerns about tracking and pandemic) contribute to 
changes in the use of technology in diferent contexts? 

2 BACKGROUND 

2.1 Health and Impact of Technology 
With the constant rise of information online, the availability of 
technologies and portals providing access to them correspondingly 
increases. We live in an era where users are consuming online 
content for various purposes. According to the Health Information 
National Trends Survey (HINTS) in 2007, 80.2% of users in the 
United States used the internet for seeking health information [28]. 
Studies show that such information seeking is a growing trend 
among users [4, 11, 29]. 

During COVID-19, people have been seeking information about 
the pandemic and the disease, and have been acting upon it rapidly 
[2]. It is thought that people who are more health-conscious tend 
to seek more health information online than those who engage 
in less healthy lifestyles [10]. Health consciousness refers to the 
awareness of a person concerned with their health and the actions 
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they would take accordingly in their lifestyle and diet [1, 19]. Past 
research suggests that health-consciousness might relate to the 
use of digital technology. Particularly, it was shown to infuence 
the extent of using health-apps, thus positively impacting the use 
of such applications by people who are health concerned [7]. Our 
study investigates health-consciousness, considering its potential 
infuence on the use of technology to seek information or health-
tracking, which both might have become critical for many people 
due to the pandemic. 

Due to the restrictions imposed by COVID-19, overall physical 
activities and encounters are reduced, which could be resulting 
in health concerns. Health is defned by the World Health Orga-
nization (WHO) as the “state of complete physical, mental and 
social well-being and not merely the absence of disease or infr-
mity” [44]. Hence, not only is being infected with the COVID-19 
disease a risk itself, but indirect consequences of the pandemic may 
pose threats to individual’s health. People everywhere are limit-
ing their social interactions with others, working from home, and 
avoiding unnecessary gatherings at the very least. Such limitations 
to current lifestyles alongside the reduced physical activities and 
interactions do have consequences to the overall well-being, i.e., 
health. Several studies have emerged providing health informa-
tion containing recommendations to help mitigate health conse-
quences physiologically (e.g., obesity and cardiovascular diseases), 
physically (e.g., inactivity), and mentally (e.g., home confnement 
stress) [6, 23, 27, 31, 48]. Technology plays a vital role in communi-
cating information, facilitating tasks remotely, and providing possi-
bilities to cope with the physical restrictions imposed by COVID-19. 
In fact, it is not only a coping mechanism to expand health services 
and communication, but also an opportunity to expand fexibility 
to users beyond the current pandemic [14]. 

2.2 Technology Use Contexts During COVID-19 
The use of technology is growing in popularity in diferent ap-
plication areas and contexts. For example, in the work context, 
technology has played an important role in enabling remote work-
ing (or working from home), especially with COVID-19 it became 
a signifcant phenomenon [3, 21]. In education and information 
acquisition, technology facilitates the dissemination of knowledge, 
which supports the availability of course materials and distance 
learning. During COVID-19, the adoption of distance learning has 
been shown to be necessary [9, 24, 36]. In addition, the emergence 
of emergency distance teaching and learning has been shown to 
happen around the world [24]. Commonly, video games, YouTube, 
and streaming services such as Netfix, are examples of mediums 
providing entertainment and leisure for consumers. Increased use 
of such services for entertainment and leisure has been noted as 
one way to cope with conditions during COVID-19 [22, 30]. As for 
Health, ftness applications and wearable devices have been increas-
ing for both medical and personal usage [16]. Many health mobile 
applications relating to COVID-19 have been emerging since the 
beginning of the pandemic in support of users’ well-being [26, 48]. 

Technology has opened the portal for many means to connect 
with people and to socialize online. Several platforms exist for net-
working, sharing interests, and communicating with close acquain-
tances and strangers alike. Connectivity became more important 

during COVID-19 and such technologies became crucial in diferent 
application areas such as video conferencing, entertainment, social 
media chats, and health [42]. 

2.2.1 Tracking and COVID-19. On the dashboard of WHO web 
page, the dashboard of WHO corona virus disease, information about 
COVID-19 and the tracking of the spread of the disease around the 
world is available [43]. At a more granular level, there are appli-
cations for tracking individual symptoms of the disease as well as 
governmental tracking across many countries [40]. Tactics for track-
ing the disease vary from self-report applications, infodemiology 
approaches, and surveillance tools. Self-reported applications, such 
as the symptom tracker of the disease, have shown data that aids 
in prediction [49]. An Infodemiology approach has been followed 
during COVID-19 for predicting and tracking the pandemic [25]. 
Infodemiology is “the science of distribution and determinants of 
information in an electronic medium, specifcally the Internet, or 
in a population, with the ultimate aim to inform public health and 
public policy” [12]. Apart from the benefts perceived by those 
tracking applications, privacy could be threatened due to those 
applications. Consequently, ethical considerations for designing 
COVID-19 tracking applications are recommended [20], for in-
stance, through implementing principles defned in a framework of 
contextual integrity enabling greater privacy [41]. Since tracking is 
not in all cases voluntary, ethical considerations are important, as 
well as user’s perspectives on tracking applications. In our survey, 
we included questions inquiring about user’s acceptance of opting 
into a tracking service and/or if they are interested in tracking 
information. 

2.2.2 Social Efects and Isolation. One of the efects of the COVID-
19 pandemic and lock-downs enforced on many societies is increas-
ing social isolation. Typically, social isolation is associated with 
many diferent factors present in individuals’ lives, such as solitary 
habitation, no formal romantic relationships, and lack of social 
networks and interactions [8]. Furthermore, social isolation is often 
considered a problem of the elderly because the elderly are more 
likely to experience ‘physical’ solitude [14]. However, in times of 
crisis, such as a global pandemic, people of all ages might become 
social isolation victims. A component of social isolation is perceived 
isolation “characterized by the subjective experience of a shortfall 
in one’s social resources such as companionship and support” [8], 
including loneliness and social support. Perceived isolation might 
have strong connotations with both physical (e.g., cardiovascular 
disease, infammation) and mental health (e.g., depression) [8, 14]. 
Loneliness is a serious problem afecting people’s health even in 
the pre-COVID-19 era. For instance, in Europe, the USA, and China, 
both loneliness and social isolation have had adverse efects on 
overall-well being [18]. Recent reports on the efects of the COVID-
19 pandemic show that the virus has substantial sociopsychological 
impacts, including efects of isolation that may lead to serious men-
tal health illnesses [35]. Usually, diferent disasters and pandemics 
bring such adverse efects, which are exacerbated by a lack of social 
support and loneliness [35]. 

Technology might be used to reduce the negative efects of in-
creasing isolation, and WHO emphasizes the importance of main-
taining social networks and connections with others through dig-
ital means [37]. Past work showed that the use of technologies 
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such as video conferencing could help with overcoming depres-
sion and loneliness [14]. However, some studies suggest adverse 
efects of technology use on mental well-being [14]. For instance, 
social media might have a benefcial impact on mental health, but 
there is an overwhelming evidence that they might lead to harmful 
behaviors, particularly among youths [17]. Moreover, early COVID-
19 research revealed that the use of more traditional media (e.g., 
TV, radio) might beneft psychological well-being, but the modern 
media (e.g., online news, social media) may have adverse efects: 
increasing depression, stress, and anxiety [5]. In this research, we 
investigate perceived isolation to identify whether people might use 
information technology to mitigate the efects of social isolation. 

3 METHOD 
We designed an online survey (see Appendix for details) to answer 
our research questions. To participate, each respondent was re-
quired to acknowledge an informed consent form, ensuring the 
study’s full understanding, purpose, and data collection and pro-
cessing details. The survey contained questions about technology 
use—pre– (5 questions) and during–pandemic (5 questions)—for 
work, gathering information/education, entertainment, health, and 
communication. Next, we measured perceived isolation (loneliness 
and social support) and health consciousness with scales validated 
in past research [8, 19]. We also incorporated questions related 
to attitudes and concerns about the pandemic, including an open-
ended question about COVID-19 and its impact on technology use 
and potential self-reported behavioral changes. Lastly, we collected 
basic demographics and information related to experiences with 
the pandemic. We implemented the survey with the SoSci survey 
tool, and collected data in summer 2020. The average completion 
time was 4.4 minutes. 

3.1 Ethical considerations 
Our survey has been granted an ethical approval by the university’s 
ethical advisor according to the national ethics review act. The 
survey was designed so that no personally identifying information 
is collected, in addition to anonymizing the survey. We provided 
information using our consent forms to the survey participants. In 
addition, the tool is installed on the University’s servers, and only 
responsible researchers can access the data. 

3.2 Participants 
We gathered participants through a snowball-sampling method, 
mostly through social media and with the use of other freely avail-
able channels (e.g., SamplSize subreddit). Participation in the survey 
was entirely voluntary; everyone above 18 years old could partici-
pate. Overall we collected 219 responses and removed one because 
of the uniformity of the responses to all questions. More than half of 
the participants, N = 129 identifed themselves as females, N = 82 
as males, N = 5 selected ‘Other’ and N = 2 preferred not to say. 
Most of participants were young; N = 45 18-28 yo, N = 70 29-38 yo, 
N = 36 39-48 yo, N = 38 49-58 yo, and the remaining N = 29 being 
above 59 yo. The largest cohorts in our sample were from Ireland 
(N = 47), Sweden (N = 40), USA (N = 34), UK (N = 21), and Brazil 
(N = 20). Our participants had diverse professional background, 
from felds such as information technology (N = 36), teaching and 

education (N = 24), healthcare (N = 21), business, consulting and 
management (N = 14). N = 21 participants were students, and 
N = 19 unemployed. 

We asked participants about their attitudes toward tracking ap-
plication because of this study’s general interest in the COVID-19 
pandemic. Only 12 participants indicated that they used the track-
ing application before. We asked participants whether they would 
like to use a tracking application, and 116 answered ‘Yes,’ leaving 
42.7% not willing to be tracked. 

4 RESULTS 
To ensure the validity of latent constructs measured in the study, 
we ran Principal Component Analysis (PCA) when appropriate. We 
used PCA to check whether the utilized scales match the original 
maximum number and nature of factors [38]. If PCA resulted in 
signifcant inconsistencies with the original numbers of factors, we 
would perform exploratory factor analysis, as recommended in [38]. 
We also checked scales’ reliability with the Cronbach α (commonly 
recommended score is above .7 [15]). 
Health consciousness. This construct was measured with a vali-
dated instrument acquired from [19] consisting of fve items. The 
results of PCA were satisfactory, with Kaiser-Mayer Olkin (KMO) 
score .72 and a signifcant Bartlett test for sphericity. All items 
loaded into one factor, explaining 45% of variance. We checked the 
scale’s reliability, which was not perfect, with Cronbach α = .68. 
Regardless, we kept the original scale because removing items did 
not increase reliability. We used the mean score to compute the 
health consciousness variable. 
Perceived isolation. We measured two dimensions of perceived 
isolation: loneliness and social support using scale acquired from [8]. 
However, we treated these as measurements of separate constructs 
because we modifed items measuring social support. Loneliness was 
assessed with three items. Principal Axis Factoring (PAF) resulted 
in acceptable KMO score .73 and signifcant Bartlett test. All items 
loaded into one factor, explaining 80% of variance. The Cronbach 
α = .87. To compute the loneliness variable we used scores’ mean. 
The social support dimension was measured with six items. Because 
the questions concerned reliance on family, friends, or spouses, we 
modifed the scale and ofered participants to select the option: ‘I 
have none.’ We ran PAF, and the KMO score was .71, and Bartlett test 
signifcant. Although the PAF items did not load into one factor, we 
kept the original scale because it resulted in the highest reliability, 
Cronbach α = .79. To compute the social support variable, we used 
scores’ means. 
Pandemic tracking. We asked participants about their attitudes 
towards tracking and sharing information about the pandemic. We 
ran PCA, and the KMO was lower than expected, .65, and Bartlett’s 
test was signifcant. All items loaded highly in one factor, explaining 
65% of variance. The reliability of the scale was good, with Cronbach 
α = .72. To compute the variable we used scores’ means. 

4.1 Quantitative analysis 
One of the goals of the current research was to assess whether pan-
demic infuenced how people use technology — whether technology 
use increased or decreased in diferent use-contexts. To compare 
such changes, we used Wilcoxon ranked test. Our results indicate 
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Work Information Entertainment Health Communication 
Parameter 
Health Consciousness -.23 .12 .01 .39* -.07 
Loneliness -.46** .08 .42** -.15 .30* 
Tracking .218 .04 .09 .18 .26* 
Concerns about pandemic .33** .29** .11 -.07 .25* 
R2 .11 .07 .06 .05 .10 
Adjusted R2 .09 .05 .04 .03 .08 
Number of observations 209 

Table 1: Beta coefcients and signifcance levels for multiple multivariate regression model. [*] p < .05; [**] p < .01.

that the use of technology during the pandemic signifcantly dif-
fers, p < .001, compared to technology use before the pandemic. 
There was a signifcant increase in use of technology compared to 
pre-pandemic in the contexts technology used for: work, z = −8.6 
(pre-pandemic M = 4.51, during M = 5.16); information gathering, 
z = −9.2 (pre-pandemic M = 4.53, during M = 5.16); entertainment 
z = −8.2 (pre-pandemic M = 4.41, during M = 4.98); communica-
tion z = −12, 3 (pre-pandemic M = 3.92, during M = 5.27); and 
health, z = −5.82 (pre-pandemic M = 3.15, during M = 3.4). The 
largest number of participants reporting the increase was in the 
context of communication (n = 180) and work (n = 112). However, 
there were several participants reporting no change in the use of 
technology in each of the fve contexts. 

Another goal of this research was to examine factors that cause 
changes in the use of technology, depending on the context. In 
particular, we wanted to fnd to what extent the use of technology 
is infuenced by health consciousness, the two dimensions of per-
ceived isolation: loneliness, social support, concerns about pandemic
tracking, and general concern about the pandemic. We frst ran a
correlation analysis. There was a positive signifcant correlation 
between use of technology for work and concerns about pandemic
(r = .20, p < .01), and pandemic tracking (r = 0.17, p < .05), and
negative correlation with loneliness (r = −.20, p < .01). Use of
technology for information gathering was positively signifcantly 
correlated with concerns about the pandemic (r = .25, p < .01),
health consciousness (r = .15,p < .05), and pandemic tracking
(r = .14, p < .05). Loneliness was positively signifcantly related to
use of technology for entertainment (r = .22, p < .01). Using tech-
nology for health signifcantly correlated with health consciousness
(r = .19, p < .01) and pandemic tracking (r = .14, p < .05). Use of
technology for communication signifcantly correlated with con-
cerns about pandemic (r = .23, p < .01), loneliness (r = .16,p < .05),
and pandemic tracking (r = .23, p < .01). Concerns about pandemic
signifcantly correlated with health consciousness (r = .31, p < .01)
and pandemic tracking (r = .38,p < .01); and health consciousness
with pandemic tracking (r = .30,p < .01).

Considering these small to medium correlations, we ran multiple 
multivariate regressions. The dependent variables in the model in-
cluded the fve contexts of using the technology during–pandemic. 
The independent variables were all variables that signifcantly corre-
lated with dependent variables. The results are presented in Table 1. 
Our fndings imply that a low level of loneliness and a high level of
concerns about the pandemic predict the increased use of technol-
ogy for work. Similarly, the high concerns about the pandemic are a

signifcant predictor of using technology for information gathering 
and education. According to our results, loneliness is a signifcant
predictor of using technology for entertainment, and health con-
sciousness of using technology for health. Lastly, our fndings imply
that the increased use of technology for communication results 
from high levels of loneliness, interest in pandemic tracking, and
concerns about the pandemic.

4.2 Qualitative analysis 
Our survey included an optional open-ended question inquiring 
about participants’ comments they would like to add regarding 
their use of technology, behavior, and the pandemic. Out of the 218 
participants only 72 provided valid input to the question. Responses 
were analyzed using thematic analysis, resulting in three categories: 
benefcial opportunities, concerns & consequences, and behavioral
transformations & adaptations.

Twenty of the respondents highlighted only positive aspects in 
“benefcial opportunities”, whereas 15 highlighted negative ones 
in “concerns & consequences”, and 4 mentioned both. The rest, 33, 
mainly mentioned “behavioral transformations & adaptations” due 
to COVID-19. 

4.2.1 Beneficial opportunities. Benefcial aspects included men-
tions of increased work productivity, efciency, and providing fu-
ture possibilities of working from home (12). Learning new ways 
and opportunities of using technologies was highlighted by 7 partic-
ipants; one mentioned that they “become more confdent” in using 
the technology, and another mentioned that “People are much more 
willing to engage with tech and try new things.” Eight people mainly 
mentioned their appreciation of the opportunities provided by the 
technology in general during this time; one mentioned that it is a 
“life saver” during the lockdown, being in a risk group, 5 mentioned 
the signifcance of technology in providing means to communicate 
with family and friends specifcally. 

4.2.2 Concerns & consequences. The efects of COVID-19 and tech-
nology have resulted in concerns and consequences. There were 7 
mentions related to health concerns (anxiety, extended screen time, 
and physical health), and 2 mentions of loneliness. Four mentions 
of the pressure to work and be always available as a consequence 
of the technology. Whereas there were 5 mentions the negative 
efects that technology has on their work (losing their job), social 
life, internet quality, life quality (dominating life), and distance from 
nature. 
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4.2.3 Behavioral transformations & adaptations. Changes in be-
haviors relate to transformations and adaptations of technological 
use. There were 7 mentions of constant use of devices, acquisition 
of devices, or buying new technologies/software. Seeking news 
and information about the COVID-19 testing and/or analysis was 
mentioned by 7 respondents. There were also 7 mentions of the 
increase of technology use in the work context, whereas 4 related 
their reduced use of technology to their lack of work. The increase 
of using technology for entertainment content consumption and 
seeking communication with people was mentioned by 6. Some 
comments (5) refected the current situation, noting self-refection, 
awareness of dependency on technology, dependency on online 
shopping, and possible over lasting efects of the current pandemic. 

5 DISCUSSION 
Our empirical investigation confrmed that the COVID-19 pandemic 
contributed to the increase of using technology by users in all con-
texts surveyed. The quantitative and qualitative results suggest that 
the increase of use has largely been in work and communications 
contexts, which could entail use out of necessity, i.e., to get work 
done. That could be the case for those who are working remotely 
and are concerned about the pandemic. However, it should be noted 
that not everyone had the possibility of working remotely, as many 
are unemployed or have lost their jobs due to COVID-19. Some 
participants highlighted positive aspects, appreciating the indirect 
efects of the pandemic, e.g., productivity, working remotely. 

It is not surprising that people concerned with COVID-19 are in-
deed increasing their use of technology for information seeking and 
interest in pandemic tracking, as some participants mentioned news 
outlets and other sources to keep up to date. Health consciousness 
appears to signifcantly afect technology use for health context. It 
might be the case that individuals seek new ways to improve their 
lifestyles given the restrictions imposed on their physical activities. 
More health-conscious individuals might use more health-related 
applications, which corroborate with past research fndings [5]. In 
the pandemic context, such applications might be targeting both 
physical and mental wellness to help mitigate the efects of the 
pandemic. 

Furthermore, participants highlighted loneliness, in the open 
question, as a negative impact of COVID-19. A coping mechanism 
for the COVID-19 situation could be the use of technologies for 
entertainment [22, 30]. Our quantitative results corroborate such as-
sumption, showing that lonely individuals tend to use technologies 
for entertainment more. 

5.1 Practical implications 
Our exploratory fndings suggest that crises, such as a global pan-
demic, increase technology use in diferent contexts. However, re-
gression analyses show that diferent factors might be more or less 
signifcant considering this increase. Technology designers could 
use these fndings when developing new technologies, helping peo-
ple mitigate pandemic efects. For instance, it seems that people use 
entertainment and communication technologies to overcome lone-
liness. However, currently, most communication technologies rely 
on the fact that people already have contacts they could communi-
cate with. This calls for research on communication technologies 

and innovative social entertainment applications that reach out to 
people who do not necessarily have a large social network, e.g., by 
suggesting connections with special interest groups or similar. 

On the other hand, our fndings imply the possibility that the 
increase in the use of communication technology might be a re-
sult of concerns about pandemic and tracking. This calls for better 
solutions that provide people with verifed information because 
communicating with others to fnd out about the virus spread might 
increase misinformation and misconceptions related to the pan-
demic, e.g., inaccurate advice on preventive measures. The threat 
to an individual’s well-being is also a concern with misinformation. 
It has been reported that people who are susceptible to misinfor-
mation are less inclined to follow health guidelines and to take 
vaccinations [34]. Especially in social media, rumors and misinfor-
mation have been on the rise during COVID-19 [39]. We believe 
that communication technologies should include the development 
of social media tools and applications to combat misinformation 
and provide guidelines from credible health resources. 

Additionally, our results imply that pandemic concerns might in-
crease the use of technology for work; however, a high level of lone-
liness might push people away from it. This might be interpreted 
as a signal that loneliness could potentially decrease work and pro-
ductivity. Such interpretation implies that future research could 
consider developing work-assisted technologies that engage users 
equivalently to the social interactions present in the not-remote 
work environment. Similarly, it is also important to consider the 
long-term efects of loneliness and prolonged isolation on men-
tal health. The importance of mental health technology has been 
stressed for the ongoing COVID-19 situation [13]. 

5.2 Limitations and future work 
We note that our study has the following limitations. First, we con-
ducted a self-reported, online survey and gathered participants with 
a snowball sampling, resulting in the relatively small sample size, 
making our fndings less generalizable. Second, we ran the study 
in summer 2020, at an early stage of the COVID-19 pandemic. We 
intended to investigate the impact of COVID-19 early on during the 
pandemic and whether there were signifcant changes then. Third, 
only a small number of participants responded to the open-ended 
question, which might be due to respondents’ fatigue. However, 
our study was short (average completion time 4.4 minutes). Hence, 
we believe that the low number of responses is due to the non-
compulsory nature of the question. Consequently, the voluntary 
answers of our participants might be more reliable and honest. 

We stress that this research purpose was exploratory and aimed 
to provide a basis for a further comparative study. Currently, we 
are in the process of completing the design of a more comprehen-
sive study, drawing on our exploratory fndings. Such work will 
enable us to identify whether the approach to using technology 
has changed, e.g., whether people refrained from excessive use of 
technology due to fatigue or developed a habit, or even addiction 
resulting in extensive reliance on technology. 

6 CONCLUSION 
We present results of an online survey exploring changes in the use 
of technology caused by the COVID-19 pandemic. The increase in 
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the use of technology across all contexts investigated appear to be 
afected by both the pandemic and diferent intrinsic factors. We 
outline how our insights can be used to research and design applica-
tions supporting end-users’ needs and consequentially improving 
their health and well-being. 
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7 APPENDIX 
(1) Health Consciousness 

Participants instructions: Please, indicate to what extent do 
you agree with the following statements [scores from 1 -
strongly disagree to 5 - strongly agree] 
• I worry that there are harmful chemicals in my food. 
• I am concerned about my drinking water quality. 
• I usually read the ingredients on food labels. 
• I read more health-related articles than I did 3 years ago. 
• I am interested in information about my health. I am con-
cerned about my health all the time. 

(2) Perceived isolation: Loneliness. 
Participants instructions: How often do you... [scores: 1 -
hardly ever, 2 - some of the time, 3 - often] 
• Feel that you lack companionship? 
• Feel left out? 
• Feel isolated from others? 

(3) Perceived isolation: Social support. 
Participants instructions: How often do you... [scores: 1 - of-
ten, 2 - some of the time, 3 - hardly ever (or never), 4 - I have 
none] 
• Open up to members of your family? 
• Rely on members of your family? 
• Open up to your friends? 
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• Rely on your friends? 
• Open up to your spouse or partner? 
• Rely on your spouse or partner? 

(4) Use of technology before/after corona. 
Participants instructions: Before/After corona pandemic... 
[scores before: 1-Never, 5 - Every day; after: 1 - Much less, 5 
- Much more] 
• I used/use technologies for work 
• I used/use technologies for information gathering and 
education (news, online videos,courses..etc..) 

• I used/use technologies for entertainment (games, stream-
ing tv, music..etc.) 

• I used/use technologies for health (ftness apps, videos, 
etc.) 

• I used/use technologies for communication (social net-
works, chats, video calls) 

(5) Pandemic tracking and concern. 
Participants instructions: To what extent do you agree with 
the following sentences [scores: 1 - strongly disagree, 5 -
strongly agree] 
• I would like to have access to information that shows those 
who are infected with coronavirus around me. 

• If I were infected with coronavirus, I would share that 
information so that others know I am infected and can 
take precaution. 

• I think that tracking of people infected with coronavirus 
is needed. 

• I am concerned with the coronavirus pandemic. 
(6) Open-ended question. 

Participants instructions: Is there anything you would like 
to add about the corona virus and its infuence on your 
technology use or on your behavior? 

https://www.who.int/publications/m/item/weekly-epidemiological-update---5-january-2021
https://www.worldometers.info/coronavirus/
https://www.worldometers.info/coronavirus/
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